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Abstract

Online platforms are seeing increasing amounts of Al-generated
content—text and other forms of media that are made or co-created
with generative Al This trend suggests platforms may need to
establish governance frameworks, including policies and enforce-
ment strategies for how users create, post, share, and engage with
such content to encourage responsible use. We investigate the gov-
ernance of Al-generated content across 40 popular social media
platforms. Just over two-thirds explicitly describe governance of
Al-generated content spanning six themes. Most platforms focus on
moderating Al-generated content that violates established content
rules and discloses Al-generated content. Fewer platforms—those
that are focused on creativity and knowledge-sharing—address
other issues such as ownership and monetization. Based on these
findings, we suggest stakeholders and policymakers develop more
direct, comprehensive, and forward-looking Al-generated content
governance, as well as tools and education for users about the use
of such content.
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1 Introduction

With the rise of consumer-facing generative Al products (e.g., Chat-
GPT), Al-generated content! has flooded online spaces [57, 67,
91, 98], reshaping digital communication and media consumption,
while raising new concerns about content trustworthiness. Gen-
erative Al products lower the threshold to produce and spread
content at scale, including misinformation and non-consensual
deepfakes [32, 101]. Al-generated content can also polarize public
speech and weaken perceived trust [13, 72, 81]. Moreover, ongoing
ambiguities around authorship and copyright of Al-generated con-
tent further complicate accountability for such content [54, 58, 83].
These concerns highlight an urgent need for effective governance of
Al-generated content in online spaces. In this paper, we specifically
concentrate on platform-level governance—that is, how online plat-
forms establish policies, principles, and mechanisms to manage the
creation, presentation, and distribution of Al-generated content in
ways that align with public expectations and regulatory require-
ments. While other parties, such as users, regulators, and Al service
providers, also contribute to the governance of Al-generated con-
tent, we focus on the responsibilities and actions undertaken by
platforms.

On platforms hosting user-generated content, the effects of gen-
erative Al are even more critical, as generative Al has been increas-
ingly adopted by users and creators [40, 51, 64]. Many platforms

'We note that the term Al-generated content in this paper does not refer only to fully AI-
generated materials. It also encompasses content partially created with Al involvement
or co-created by humans and Al such as Al-assisted content and Al synthetic media. As
no unified term exists for all such content, we adopt the common term Al-generated
content throughout.
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have also introduced their own custom generative Al tools for con-
tent creation (e.g., Esty’s “Seller Handbook” tool? and Tiktok’s “Al
Alive™). These changes have shaped user dynamics, content ecol-
ogy, and platform infrastructure [40]. Together with the potential
concerns associated with the trustworthiness of Al-generated con-
tent, platforms face significant challenges in maintaining reliable
and safe communities through effective governance approaches.
Previous works have explored the growth of generative Al used

in user-generated content and its impact on online platforms (e.g., [40,

64, 67, 98]), and evaluated governance approaches such as label-
ing Al-generated content [10, 20, 28, 48, 100]. Yet, few studies of-
fer a systematic understanding of how platform governance has
shifted to respond to the rise of Al-generated content and users
employing generative Al tools. Notably, Lloyd et al. investigated
the user-driven, bottom-up governance of Al-generated content
in Reddit [59, 60]; but our understanding of platform-driven, top-
down governance of such content remains limited. There have also
been few regulations addressing the publishing and distribution of
Al-generated content on the Internet. To inform regulations, plat-
form policies, and safety measures for generative Al use in content
creation, it is important to fill these gaps in our understanding.

In this paper, we study the governance of Al-generated con-
tent on social media—a type of platform hosting user-generated
content that is used to create, modify, share, and discuss Internet
content [50]. These platforms offer a critical case study for our
work because they are the largest digital medium where people
interact with content, other users [78], content creators, and ad-
vertisers. They also have to manage complex platform governance
actions, from taking down harmful user-generated content to facil-
itating content monetization [65, 89]. In addition, these platforms
have to deal with a high volume of content, multiple content types,
and unpredictable user behaviors—unlike eCommerce and news
sites, which also host user-generated content—which complicates
governance over content in general.

To meet our study goals, we systematically scraped web pages
from the 40 most popular social media platforms and curated a
dataset of pages containing platform responses on Al-generated
content in their community. Through this process, we found that
about two-thirds of platforms explicitly mention how they govern
Al-generated content, with the rest relying on existing content
moderation policies to cover such content. Platforms in our study
describe six types of governance actions on Al-generated content
(See Table 5), including: 1) extending their existing content moder-
ation policies to Al-generated content, 2) disclosing and labeling
Al-generated content, 3) enacting Al-specific restrictions on Al-
generated content, 4) constraining monetization of Al-generated
content, 5) safeguarding output generation and distribution from
platforms’ integrated Al tools, and 6) providing resources for users
to better learn about and control Al-generated content in their
feeds. Based on our findings, we suggest that social media and other
online platforms incorporate more explicit and comprehensive gov-
ernance frameworks on Al-generated content. We also recommend
that researchers and platform designers develop improved tools and

Zhttps://www.etsy.com/seller-handbook/article/ 1402347260856
3https://newsroom.tiktok.com/en-us/introducing-tiktok-ai-alive
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resources for users to create, share, and interact with Al-generated
content more responsibly and with more autonomy.
We make the following contributions to the HCI community:

e We created an annotated dataset of the web pages of platform
responses to Al-generated content on 40 of the most popular
social media platforms.*

e We provided a baseline of social media platforms’ current
governance actions on Al-generated content.

e We outlined a forward-looking agenda for the future devel-
opment of governance of Al-generated content in the online
space.

2 Background and Related Work

We first survey the regulatory landscape of Al-generated content,
its impact on online communities, and broader platform governance
approaches. We then describe how our work extends prior research
on content moderation to understand how platforms specifically
govern Al-generated content.

2.1 Background: Regulating AI-Generated
Content in Online Spaces

The invention of multi-modal generative neural networks in the
2010s, such as generative adversarial networks (GANs) [33], enabled
the creation of deepfakes—AlI-generated realistic media depicting
people, which were soon exploited for disinformation, scams, and
non-consensual media online [1, 26, 38, 99]. Regulatory attention
on Al-generated content originated from the distribution of these
illegal deepfakes that were highly damaging to individuals’ men-
tal health and reputation. For example, the United States (US) has
enacted multiple state laws to mitigate harmful deepfake distri-
bution since 2019 (e.g., Texas S.B. 751 on political deepfakes [93]
and S.B. 1361 on pornographic deepfakes [94]). Recently, the US
Federal government also passed a "Take It Down Act" to impose
criminal penalties on individuals publishing non-consensual deep-
fakes online [96]. After this act passed, MrDeepFakes, the largest
Al-generated pornography site, shut down in May 2025 owing to
the loss of a critical service provider [74].

Since the rise of consumer-facing generative Al products fol-
lowing ChatGPT’s release in 2022, the volume of Al-generated
content is increasing online, and the potential threats are no longer
restricted to harmful deepfakes. Beyond laws addressing the distri-
bution of harmful deepfakes, additional regulations targeting gen-
erative Al models and consumer-facing generative Al services were
established to require that these tools adhere to safety, transparency,
and accountability rules [61]. For instance, both the European Union
(EU) AI Act [21] and China’s Generative Al Measures [14] prohibit
services tailored to generate harmful content, and require service
providers to add conspicuous and machine-readable markers on
Al-generated output. Broader regulations on Al-generated content
distribution on the Internet, however, remain rare. To date, China
is the only country that has enacted nationwide rules—Measures
for Labeling AI-Generated Content [15]—that strictly require label-
ing any Al-generated content of any modality and its distribution
within any public online space. Furthermore, Luna et al. researched

4The dataset is available at https://github.com/UChicagoAIRLab/aigc- governance-
social-media.
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Al governance guidelines in six countries and found that, at the
time of study, only the US and the EU had established principles
for managing the distribution of Al-generated content [61].

With the lack of related regulation guidance until now, the gov-
ernance of online Al-generated content distribution outside harm-
ful deepfakes is shaped by industrial standards and dominated by
platforms themselves. Disclosing Al-generated content through
labeling is the most widely known rising governance approach to
Al-generated content. Industry has pushed provenance and meta-
data approaches that include machine-readable content origination
information to support identifying Al-generated content (e.g., the
“Content Credentials” [16, 22]). In academia, a growing body of re-
search has focused on improving and evaluating the design of Al dis-
closure labels, finding that labels can both improve and compromise
user engagement, trustworthiness, and recognition of misleading
content in the use of online communities [10, 20, 28, 48, 100]. Most
closely related to our own work, Lloyd et al. mapped community-
level, bottom-up governance responses to Al-generated content
on Reddit communities [59, 60]. This work, however, only covers
community-driven policymaking on Al-generated content on one
platform.

To inform the future directions of Al-generated content gover-
nance, our work extends existing studies on understanding and
developing governance actions to provide a cross-platform, holistic
review of the most popular social media platforms’ policies and
enforcement on Al-generated content.

2.2 The Impact of AI-Generated Content in
Online Communities

Researchers have studied the impact of the increasing volume of Al-
generated content on a broad range of online communities, where
diverse groups of users interact around user-generated content. A
recent work found a sharp increase in Al-generated textual posts on
long-form text-based platforms such as Medium, Quora, and Reddit
after the launch of ChatGPT [91]. On platforms that are dominated
by image and visual arts, researchers also found a visible spike in
Al-generated artwork [67, 98]. A few recent prior studies also reveal
the increasing adoption of generative Al tools by video creators in
social media [51, 64].

The presence of Al-generated content in user-generated content
has reshaped user dynamics and public speech in online communi-
ties. On a positive note, researchers have pointed out that generative
Al lowers barriers for new creators to enter a community [67, 98],
encourages creators’ in-depth participation [72], and incentivizes
more active or positive discussions among general users [13, 30].
A research study also found that user-generated online comments
could be less polarized through human-AI co-creation [86]. How-
ever, these benefits may also come with tradeoffs. Through an ex-
perimental study, Moller et al. revealed that generative Al tools can
increase user participation but also diminish perceived authenticity
and conversational quality [72]. Some prior works also reported
decreased trustworthiness and quality of online content with the
introduction of generative AI[11, 81]. Researchers have also studied
how Al-generated content can be distributed and compromise com-
munity safety through Al-generated misinformation [1, 17, 18, 53],
Al impersonation [70], and non-consensual deepfakes [26].
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In light of this thread of work, it is apparent that the governance
of Al-generated content is increasingly necessary, as platform poli-
cies could directly affect user participation, trust, and community
dynamics. While prior work has widely investigated the rising so-
cial impacts of Al-generated content in online communities, less
attention has been paid to how platforms establish governance
mechanisms to address such impacts. Using social media as a case
study, our work examines how online platforms have evolved their
governance approaches to respond to the increase of Al-generated
content in their communities.

2.3 Content Moderation and Platform
Governance in Online Communities

To mitigate inappropriate content in their communities, online
platforms need to decide whether to publish, remove, or flag user-
generated content. This approach is usually referred to as content
moderation [49]. Traditionally, content moderation research has
largely investigated the effects of moderation on community be-
haviors [12, 44] and user perceptions of content moderation mecha-
nisms [43, 63, 66, 73, 97]. A nascent line of research has also investi-
gated the user rules and policies underpinning content moderation
established in online communities [9, 23, 24, 46, 84, 89]. Content
moderation policies play a critical role in informing users of a
community’s rules and enforcement practices, yet cross-platform
studies reveal that they differ across platforms and that there is a
lack of a unified framework for such policymaking [84, 89].

With the development of generative Al like large language mod-
els (LLMs), both researchers and platforms have increasingly fo-
cused on how these systems can support content moderation prac-
tices [19, 52, 95]. In comparison, less research has explored how
platforms moderate Al-generated content that violates existing
community guidelines [25]. Existing research mainly focuses on
investigating the performance and failure modes of current mod-
eration approaches on Al-generated content that is considered
harmful in some way. For example, Mink et al. found that human
reviewers moderating deepfake LinkedIn profiles are significantly
biased based on the profile’s demographic identity [71]. Li et al. con-
ducted an audit study on Twitter/X’s platform user reports, which
showed that these are inadequate in reporting non-consensual deep-
fakes [80].

Platform actions on Al-generated content are situated within a
broader framework of platform governance than content modera-
tion alone. As defined by Gorwa [34], platform governance focuses
on any platform actions and enforcement concerning online par-
ticipation, typically involving three parties: platform companies
themselves, platform users, and the governments of the jurisdictions
in which the platform operates. In online communities, platform
governance extends beyond the moderation of content to socio-
technical arrangements like managing creator economies (how
content creators make content and monetize it), educating users,
and designing technical affordances that shape content ecology
[65, 68, 75]. As revealed in prior works, the handling of emerging
threats in online communities is usually a mixture of moderation
and other efforts—all fall into the framework of platform gover-
nance.
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While prior works have examined how well harmful deepfakes
are moderated [71, 80], there is a lack of understanding of the
landscape of how platforms rule and act on Al-generated content,
particularly after the introduction of consumer-facing generative
Al products. We extend work on traditional content moderation to
understanding social media platforms’ broader governance actions
on Al-generated content.

3 Method

We investigated 40 popular social media platforms to systematically
understand how they respond to and govern Al-generated content.
Our data collection and analysis focused on platform web pages that
present policies, actions, and stances on platform governance and
community development. This includes Terms of Service and Com-
munity Guidelines, as well as informal documentation such as the
Newsroom and Official Blog sections on these sites, as applicable.

3.1 Platform Selection

We used Kietzmann et al’s definition of social media: online plat-
forms that enable users to create, modify, share, and discuss internet
content [50] as adopted by prior researchers (e.g., [85]). We selected
representative social media platforms for our analysis based on their
popularity, following the common practice in prior cross-platform
studies of social media (e.g., [2, 76, 85]). We first selected 20 social
media platforms from Schaffner et al’s study of content moderation
rules on 43 platforms with user-generated content [84]. We also
selected 20 additional platforms from the top 1000 websites from
the Tranco List obtained on March 22nd, 2025.> When selecting
the 40 platforms (see Table 1), two research team members visited
each website, checked if it provided English services, explored its
core features and “About” pages, and assessed whether it fit our
social media definition. The research team met regularly to discuss
and resolve conflicts regarding the inclusion or exclusion of plat-
forms. The final list of platforms is not meant to be exhaustive but
represents a diverse spectrum of social media types, including but
not limited to: large multi-purpose platforms such as Facebook and
Twitter/X; social networking sites such as LinkedIn; video-focused
platforms such as TikTok and Vimeo; creativity communities for
writing, art, and music, such as Medium, DeviantArt, and Sound-
Cloud; knowledge-sharing communities such as Stack Overflow
and Quora; and platforms for explicit content, such as Pornhub and
XHamster. The platforms vary in platform sizes, user bases, and
content domains, allowing us to capture both common practices on
Al-generated content from a rich sample of representative social
media platforms, as well as variations linked to platform-specific
attributes.

3.2 Data Collection

We performed data collection from April to June 2025. While many
prior works on online platform document analysis rely on manual
search to collect relevant documents (e.g., [29, 75]), for an exhaus-
tive data collection, we used a web scraper to collect platforms’
statements on Al-generated content spanning different types of

STranco List is a network traffic ranking resistant to manipulation and widely adopted
in prior research as a measure of website popularity (e.g., [37, 84, 85]). This version of
Tranco List can be accessed at: https://tranco-list.eu/list/24879
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web pages. We used the open source web scraper developed by
Schaftner et al. to collect content moderation policies [84] for for-
mal data collection. The scraper initializes its workflow from a set of
seed links provided as input and scrapes and parses the HTML from
pages containing any terms from a predefined topic-wise keyword
list.

We input two types of seed links: 1) canonical links, include each
platform’s key policy pages (e.g., Terms of Service, Acceptable Use
Policies, Community Guidelines), Support and Help Center, News-
room, Announcement, and Official Blog pages, as well as links to
Al-specific policy pages if they existed; and 2) pages addressing Al-
generated content in the community. To find web pages addressing
Al-generated content, we use a keyword list with both generative
Al-related words and Al-generated content-related words (See Table
2). We searched for these keywords and each platform name using
Google search and checked at least the first three pages to identify
related platform web pages. If applicable, we also searched key-
words using the platform’s internal search engines in Support/Help
Center, Newsroom, Announcements, and Official Blog. Two re-
searchers checked the completeness of our seed link collection for
each platform. The seed links set we generated contains an average
of 7.6 links per platform.

As we found platforms use a variety of terms when referring
to Al-generated content, we developed another keyword list that
contains broader, Al-related keywords (See Table 2) as the topic-
wise keyword list input for the scraper. This enabled us to collect a
wide range of pages where Al is mentioned, after which we could
filter out the pages we wanted around Al-generated content. We
piloted and tested the scraper on each platform using one or two
seed links to ensure it was robust, then performed formal data
collection using the scraper in May and June 2025. We eventually
scraped 2518 pages through this process.

3.3 Data Cleaning and Analysis

Before the data analysis, we first ran the passage extraction module
of the scraper on our collected pages [84], which extracted the five
sentences before and after the sentence containing keywords (See
Table 2 for the keywords we used here) and merged the overlapping
passages. Then, we filtered the collected data to retain only unique
web pages and passages related to Al-generated content within
the social media community. For instance, we excluded pages de-
scribing Al and generative Al used for content moderation and
recommendation systems. All pages and passages were checked by
two researchers independently for relevance, and we retained 431
passages from 361 pages of 29 platforms, forming the final dataset
for analysis. We note that the remaining 11 platforms do not have
pages in our dataset, indicating that they do not explicitly state any
information about Al-generated content in their community. Also,
two platforms had platform features related to Al-generated con-
tent, but did not explicitly describe the governance of Al-generated
content for users.

Our data analysis had two steps. First, we annotated our dataset
to calculate descriptive statistics of the web page components we
collected. Then, we conducted qualitative analysis on our dataset,
where we referred to existing content moderation policy frame-
works from prior works to construct the codebook [84, 89].
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Table 1: The 40 social media platforms selected for our study in the format of “platform (homepage URL)”, ordered alphabetically.

Platform (homepage URL)

Behance (behance.net), Bluesky (bsky.app), Dailymotion (dailymotion.com), DeviantArt (deviantart.com), Eporner (eporner.com),

Erome (erome.com), Facebook (facebook.com), Fandom (fandom.com), Flickr (flickr.com), Goodreads (goodreads.com), Imgur (imgur.com),

Instagram (instagram.com), LinkedIn (linkedin.com), LiveJournal (livejournal.com), Medium (medium.com), OnlyFans (onlyfans.com),

Patreon (patreon.com), Pinterest (pinterest.com), Pixabay (pixabay.com), Pixiv (pixiv.net), Pornhub (pornhub.com), Quora (quora.com),
Reddit (reddit.com), ResearchGate (researchgate.net), Roblox (roblox.com), SoundCloud (soundcloud.com), StackOverflow (stackoverflow.com),
SteamCommunity (steamcommunity.com), Substack (substack.com), Threads (threads.net), TikTok (tiktok.com), TradingView (tradingview.com),

Tumblr (tumblr.com), Twitch (twitch.tv), Twitter/X (twitter.com), Vimeo (vimeo.com), XHamster (xhamster.com), XVideos (xvideos.com),

Yelp (yelp.com), YouTube (youtube.com)

Table 2: Keyword lists for seed link collection and scraper

Keywords for seed link collection
(used for search engine)*

‘generative ai’, ‘genai’, ‘large language model’, ‘llm’, ‘ai generated’, ‘ai assisted’, ‘ai made’,
‘ai content’, ‘ai media’, ‘synthetic content’, ‘deepfake’

€23 € +3 C_+ 5 € s

Keywords for scraping and passages | ‘ai’, ‘a.i’, ‘ai-’,
extraction (input in the scraper)™*

ai’, ‘artificial intelligen’, ‘genai’, ‘llm’, ‘large language model’, ‘deepfake’,
‘deep fake’, ‘synthetic’

*When searching for seed links, we also used alternate forms of each keyword, such as ‘ai-generated’ and ‘deep fake’.
**Case insensitive. Applied wildcard to both sides of the keywords, except the keyword ‘ai’.

3.3.1 Dataset Annotation. To characterize the composition of our
dataset, we annotated each page and its corresponding passages.
Specifically, this annotation process helped to summarize what and
how social media platforms explicitly respond to generative Al
and Al-generated content. Based on our manual exploration before
data collection, a review of the collected data set, and research
team discussions, we annotated pages and passages with two main
codes, respectively: TYPEs OF PAGES and TYPEs OF AI-GENERATED
CoNTENT in addition to subcodes as shown in Table 3.

All labels were non-mutually exclusive. For example, if a pol-
icy page is contained in the support center, the page would be
annotated using both LEGAL AND PoLicy and SurPORT AND HELP
CENTER labels. Two researchers annotated all pages and passages in
the dataset independently, and all conflicts were resolved through
team discussions. Since all discrepancies were addressed during
the annotation process, we did not calculate inter-rater reliability
(IRR) [4, 69].

3.3.2  Qualitative Thematic Analysis. We conducted thematic anal-
ysis on the passages in our dataset through two rounds of coding
[7, 8] using the qualitative analysis tool MAXQDA.® The resulting
codes were applied to 27/29 platforms. First, since we were inter-
ested in governance around Al-generated content rules created
and posted by users, we focused only on passages in the annotated
dataset labeled as “User-posted AI-Generated Content” and “In-
tegrated Al Tool”. We began by familiarizing ourselves with the
annotated data to develop the initial codebook with two main par-
ent codes: AI-GENERATED CONTENT GOVERNANCE and INTEGRATED
Al ToorL GOVERNANCE. We also referred to two frameworks from
prior work that describe and categorize online platforms’ typical
content moderation rules to help us understand what platform gov-
ernance rules may cover while reading through the data. The first

Shttps://www.maxqda.com/

framework by Schaffner et al. on platforms’ content moderation
policies for user-generated content [84] covers five key elements:
policy justifications on why platforms moderate; moderation crite-
ria on what platforms moderate; safeguards on how violations are
detected; platform responses on the outcomes of being moderated,;
and appeal/redress on how users can contest moderation decisions.
The second framework by Singhal et al. for social media platforms
content moderation rules covers three elements [89]: moderation
policies to define what needs to be moderated; detection methods
to find policy violations; and enforcement of moderation policies
for content and users.

One researcher then used inductive coding on passages from
a partial set of the data (nine platforms or approximately 30% of
the total passages that needed to be analyzed) and further refined
the initial codebook after team discussions. During this process,
we added another parent code, USER EMPOWERMENT, to cover any
platform actions related to user education and controls over Al-
generated content, which prior work considers to be part of a
governance response [75]. We also added four sub-codes based on
content moderation frameworks (see Table 4 for an overview of
the codebook). Using this codebook, two researchers then coded all
passages in the dataset, with one serving as the primary coder and
one serving as the secondary coder. During this second round of
coding on the entire dataset, we also created additional sub-codes
to the top-level sub-codes to further differentiate new concepts
(see Table 7, Table 8, and Table 9 in the Appendix for the complete
final codebook). We resolved discrepancies during coding through
regular meetings and team discussions to achieve consensus about
points of disagreement. Since we used the coded passages as input
to our thematic analysis, we did not calculate IRR [4, 69].

After the data was coded, we developed thematic summaries for
the main codes of interest using data extracts to highlight themes.
We then discussed these summaries with the research team to
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Table 3: Dataset annotation labels

Label Description

TypPES oF PAGEs

Legal and Policy

Support and Help Center

News and Announcements

Formal legal and policy documents. e.g., Terms of Service, Community Guide-
lines, and Generative Al Policy

Platform support pages. e.g., Support Center and Transparency Center

Platform informal documents. e.g., articles from Newsroom and Official Blog

Other Pages that could not be categorized with any label above

TyPEs OF AI-GENERATED CONTENT"
User-Posted Al-Generated Content
Integrated Al Tool

Platform-Posted Al-Generated Content

Governance on users creating and using Al-generated content in general
Platforms provide user-facing generative Al tools for content creation

Platforms produce their own Al-generated content for the community

“Indicates the type of Al-generated content described in the passage.

Table 4: Truncated codebook reflecting the high-level structure, with sub-codes developed from content moderation frameworks

for the parent codes with an *.

Parent Code

Description

AI-GENERATED CONTENT GOVERNANCE"
INTEGRATED Al TooL GOVERNANCE"

USER EMPOWERMENT

Actions related to Al-generated content users create and use in general
Actions related to Al-generated content platforms make

Platforms provide materials for users about Al-generated content

Sub-Code (apply to parent codes with *)

Description

GOVERNANCE RATIONALE
USER RULES

DETECTION METHODS

GOVERNANCE CONSEQUENCE

Why platforms govern Al-generated content
Rules on creating, posting, and sharing Al-generated content
How platforms identify Al-generated content and rule violations

Enforcement on Al-generated content rules and user appeals

derive the paper themes around six main governance strategies on
Al-generated content.

3.4 Limitations and Ethics

First, our data was collected by large-scale web scraping of publicly
available web pages. We may have missed relevant documents that
are not accessible to web scraping (e.g., PDF files), excluded pages
due to dynamic web structures or blocking, and omitted pages that
have since been modified or updated. Second, the data represent a
one-time snapshot at the time of collection, and thus cannot capture
long-term changes in Al governance approaches in social media
platforms. Meanwhile, our data collection only covered the 40 most
popular social media platforms, so smaller platforms may have
different approaches than what we observed. We also acknowledge
that our method can only capture platforms that explicitly state their
governance actions with Al-related terms around, and platforms’
exact actions can be inconsistent with what they claim.

Since our study does not involve human subjects, we did not
require an Institutional Review Board (IRB) approval from our in-
stitution. We note that when performing scraping, we followed the

best ethical practices for scraping for research purposes, such as
respecting robots.txt. Specifically, we tweaked our scraper to pre-
vent any scraping of pages containing user profiles or identifiable
information.

4 Dataset Overview: Social Media Features and
Governance of AI-Generated Content

Our dataset reveals that social media platforms are proactively
introducing governance of Al-generated content to mitigate misuse
and encourage responsible creation and engagement. Table 10 in
the Appendix presents an overview of the presence of generative Al
governance and features in the pages and corresponding passages
we collected, across the 40 social media platforms we studied.
Across social media platforms we studied, we identified 27/40
platforms that explicitly govern, i.e., describe their rules and en-
forcement in the collected pages on how users create, share, and
discuss Al-generated content. The other 13/40 platforms do not
have any explicit descriptions of how they govern Al-generated
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content specifically, meaning this content is subject to existing
policies implicitly.

Most of the information on the governance of posted Al-generated
content is scattered in Legal and Policy pages, Support pages such
as Help Center and Transparency Center, and on News, Announce-
ments, or Official Blogs (see Tables 11 in Appendix for detailed
summary). Only 4/27 platforms (Medium, Patreon, StackOverflow,
TikTok) have established a formal policy page stating key points
on governance of Al-generated content—summarizing essential in-
formation on user rules and enforcement in all of their governance
actions.

17/40 platforms provide their own integrated Al tools for so-
cial media users, including general-purpose Large Language Model
(LLM) chatbots or profile-building assistants (6/17 platforms); tools
for creators to generate creative content (14/17 platforms); and tools
for business services, e.g., to help create Al-generated advertise-
ments (7/17 platforms). Most tools offer the ability to generate text,
image, video, and audio, and can be used for full Al generation,
as an Al assistant, or to make minor edits to content with Al ef-
fects. For example, Facebook and other Meta platforms integrate a
standalone Meta Al chatbot portal into their platforms,” provide
features such as Al-based writing assistants and photo expansions
for users to create posts,® and incorporate tools for making creative
Al-generated content in advertiser marketing tools.’ At least 12/17
platforms with integrated Al tools have a page with dedicated pol-
icy terms for the use of these tools, where the governance actions
on tool output generation and distribution are usually presented.

Interestingly, 10/40 platforms we studied use generative Al to
summarize user-generated content, such as articles and videos pro-
duced by creators; to search and summarize user-generated content
over the community based on users’ queries; produce Al-generated
content for the platform; or use Al to aid with accessibility such
as converting text to Al-generated audio. For example, YouTube
provides Al-generated video summaries and offers an Al chatbot
that allows users to ask questions about the video content.!’ In
another example, Quora deploys Al-generated answers for selected
questions posted by users.!!

5 Findings: Six Governance Approaches Over
Al-Generated Content in Social Media

We identified six main governance approaches from the 27 social
media platforms that describe their governance of Al-generated
content, as shown in Table 5 and Table 6. Four of the governance
approaches cover any Al-generated content posted and shared by
users; one covers the use of integrated Al tools on the platform;
and one covers how platforms empower users to interact with
Al-generated content and integrated Al tools.

Of the six approaches, the most common ones used in social
media platforms are moderating Al-generated content for appro-
priateness and authenticity—as they would any other content ac-
cording to existing content moderation policies (Section 5.1)—and

"https://www.facebook.com/help/994963392422769
Shttps://www.facebook.com/help/7745061278859290
https://www.facebook.com/business/help/539137881899016
Ohttps://blog.youtube/inside- youtube/2024-in-youtube-ai
Uhttps://help.quora.com/hc/en-us/articles/12677380466068- What-are-Sage-and-
Dragonfly-bots-on-Quora
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disclosing and labeling Al-generated content (Section 5.2). A smaller
number of platforms go further in their governance actions: im-
posing Al-specific posting and sharing restrictions when content
is not otherwise inappropriate—i.e., violating any existing content
moderation policy (Section 5.3)—and constraining monetization of
Al-generated content (Section 5.4). For platforms with integrated
Al tools, we found that many apply specific safety measures to the
tool output generation and distribution (Section 5.5). Lastly, some
platforms provide features and resources to help users recognize
and critically evaluate Al-generated content, as well as guide them
in creating and sharing this content responsibly (Section 5.6).

Definitions of AI-Generated Content by Social Media Platforms.
Before detailing the six governance approaches we observed, we
first briefly summarize how platforms define Al-generated content.
Across platforms we studied, terminology such as Al-generated,
Al-assisted, deepfake, or synthetic media often appears in policies
and support documentation, but without clear or consistent defini-
tions. We found only nine platforms (DeviantArt, Medium, Patreon,
Pixiv, Pornhub, StackOverflow, TikTok, Twitter/X, YouTube) that
explicitly define Al-generated content and related concepts. These
definitions, however, are varied across platforms. For example, Tik-
Tok defines Al-generated content as broadly any content created
with any degree of Al involvement: “Al-generated content includes
images, video, and/or audio that is generated or modified by deep-
or machine-learning processes.” (TikTok’s Support Center article).
In contrast, some platforms define Al-generated content only as
content with significant AI components: “We define ‘Al-generated’
work as work in which all or most of the production process is carried
out by AL” (Pixiv’s Help Center article).

Beyond general Al-generated content, a few platforms also de-
fine deepfake and synthetic media, while usually emphasizing it as
content that has been manipulated for a particular purpose rather
than the fact that the content is Al-generated: “Deepfakes are manip-
ulated or digitally-altered audio, video, or image works that portray
a person, event, or scene in a way that is not real or did not occur.”
(Patreon’s Community Guidelines).

In short, many platforms do not have an explicit definition of AI-
generated content and related terms. These definitions, whenever
they do exist, are usually varied across platforms.

5.1 Moderating AI-Generated Content That
Violates Existing Policies

We found 25 platforms explicitly outline their governance approach
to inappropriate Al-generated content that violates existing, often
well-developed content moderation policies (i.e., Terms of Service
and Community Guidelines). Their goals in this case are the same as
for any content that needs to be moderated for compliance with laws
and to keep their community safe. To achieve these goals, platforms
apply existing moderation criteria regarding the prohibition of
Al-generated content, use both platform-driven and user-driven
methods to detect violations, and take strict actions against both
offending Al-generated content and users, while offering some
degree of appeals for moderated users.

Below, we present user rules on Al-generated content violating
existing policies in the platform, detection methods for such viola-
tions, and moderation consequences. We note that, even though the


https://www.facebook.com/help/994963392422769
https://www.facebook.com/help/7745061278859290
https://www.facebook.com/business/help/539137881899016
https://blog.youtube/inside-youtube/2024-in-youtube-ai
https://help.quora.com/hc/en-us/articles/12677380466068-What-are-Sage-and-Dragonfly-bots-on-Quora
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Table 5: Summary of six governance approaches over Al-generated content we found across 27 social media platforms stating
such information. The first four approaches apply to any Al-generated content users create, post, and share on the platform.
The next two apply to the platform’s integrated Al tools and to tools and resources to help users understand and interact with

Al-generated content, respectively.

Governance Approach Description Count

Moderating AI-Generated Content That Violates | Platforms deal with inappropriate Al-generated content using their existing 25

Existing Policies content moderation policies included in Community Guidelines and Terms

(Existing Policies, Section 5.1) of Service.

Disclosing and Labeling AI-Generated Content | Platforms require or encourage users to disclose Al-generated content. 18

(Disclosing/Labeling, Section 5.2) Platforms also apply labels to Al-generated content automatically when
disclosure is not required.

Restricting Posting and Sharing AI-Generated Platforms impose additional restrictions around the ownership, value, and 5

Content quality of Al-generated content.

(Specific Restrictions, Section 5.3)

Constraining Monetization of Al-Generated Platforms constrain the monetization of Al-generated content based on 6

Content general policies around posting and sharing such content.

(Monetization, Section 5.4)

Controlling Output Generation and Distribution | Platforms moderate their integrated Al tools’ output generation and regu- 14

from Integrated Al Tools late sharing of this content to the community.

(Tool Output, Section 5.5)

Educating and Empowering Users When Interact- | Platforms provide users with tools and resources to enhance user autonomy 17

ing with AI-Generated Content to distinguish and control Al-generated content in their feeds, and develop

(User Empowerment, Section 5.6) critical literacy to responsibly post and share such content.

Table 6: Presence of platform governance approaches over Al-generated content, across 27 social media platforms stating such

information.

A
S x > <§
. § 3 ¥ s $ 5 ) & & N & v
P F s $07eid:sfspsisfigsdedss
I T TS TITITLTLSILTS ST T L& FF TS
Existing Policies v v v v v v v v v v v v v vV Vv /
Disclosing/Labeling v/ v o v v v v o/ v v 7 v o/ 7 v
Specific Restrictions v 7/ v v 7/ v
Monetization 4 4 4 4 4 4
Tool Output o - v v - v /S - - =/ = = =/ v 7/ v /v - v /v - =/
User Empowerment v o/ v v/ v v /7 7 4 v v v v vV / 4

v+ passage(s) about this topic exists in our dataset, X: passage(s) about this topic does not exist in our dataset, —: Not applicable for “Tool Output’, since the

platform does not have an integrated Al tool.

other 15 of the 40 platforms we studied do not explicitly mention
Al-generated content, their existing content moderation policies
are still applicable to this content [25]. Our analysis only focuses
on whether and how Al-generated content is highlighted in a plat-
form’s existing content moderation policies.

5.1.1  User Rules on Al-Generated Content Violating Existing Policies.
Aligning with their community guideline restrictions, all 25 social
media platforms highlight their strict prohibition of posting Al-
generated content that could be considered illegal or compromising
community safety. Structurally, we found that rather than forming

separate Al-specific rules, platforms have added Al-generated con-
tent as a condition to existing rules on user-generated content. For
instance, “You cannot impersonate or misrepresent yourself as another
person (including through artificial intelligence) or post information
or content that is intentionally misleading.” (Soundcloud’s Commu-
nity Guideline). In particular, eight platforms (Behance, Facebook,
Instagram, OnlyFans, Pinterest, Threads, TikTok, YouTube) sep-
arately emphasize that Al-generated content posted by users is
a part of user-generated content that must comply with existing
platform terms and guidelines. As represented by the following



Governance of Al-Generated Content: A Case Study on Social Media Platforms

example, “Our Community Standards apply to everyone, all around
the world, and to all types of content, including Al-generated content.”
(Meta’s Community Standards applied to Facebook, Instagram, and
Threads).

Prior works studying content moderation policies and commu-
nity guidelines show that platforms categorize various types of
prohibited content that is considered inappropriate at differing lev-
els of granularity [5, 46, 84, 89]. In our analysis, much like how
content is usually moderated on platforms with user-generated
content, social media platforms typically say that Al-generated
content is prohibited if it constitutes misleading information (e.g.,
spam, scam, and impersonation), hateful content (e.g., bullying and
humiliation), copyright infringement and plagiarism, privacy viola-
tions, and harmful illegal content (e.g., child abuse materials and
non-consensual intimate media).

Moreover, platforms forbid Al-generated content that violates
existing rules regardless of its modality and the role AI plays in
its creation. As emphasized in the following rule, “Any ‘deepfakes’
whatsoever (Al-generated, modified, or other manipulations of a per-
son’s image, whether in picture or video, to deceive or mislead the
viewer into believing that person is acting or speaking in the way
presented) [are prohibited].” (Pornhub’s Non-Consensual Content
Policy). We also noticed three platforms (Medium, Reddit, Patreon)
stress the prohibition of redirection to Al-generated content and
generative Al services that violate existing rules but are hosted
outside the platform, “A new generation of apps leveraging Al to gen-
erate nonconsensual nude images of real people have emerged across
the Internet. To be very clear: sharing links to these apps or content
generated by them is prohibited on Reddit.” (Reddit’s Announcement
on r/modnews).

5.1.2  Detection of Policy-Violating Al-Generated Content. Social
media platforms in our dataset primarily state the same detection
strategies for typical content that violates existing policies to ad-
dress inappropriate Al-generated content. Platforms typically use
a combination of automatic detection and human review to find in-
appropriate content, and largely rely on user reports to supplement
their own efforts [84, 89]. As such, how platforms detect policy-
violating Al-generated content is rarely emphasized separately.
We found that five platforms (Facebook, Instagram, Reddit, Thread,

YouTube) also detail their detection techniques for Al-generated
content violating existing policies. For example, “We also have a
network of nearly 100 independent fact-checkers who will continue
to review false and misleading Al-generated content.” (Meta’s News-
room article applies to Facebook, Instagram, and Threads). We also
identified new detection tools developed to address specific viola-
tions of Al-generated content, going beyond general moderation
methods. One example is a likeness matching technique for detect-
ing deepfakes infringing privacy and copyright: “we’ve developed
likeness management technology, including new synthetic-singing
identification technology within Content ID that will allow partners
to automatically detect and manage Al-generated content on YouTube
that simulates their singing voices, and new technology that will en-
able people from a variety of industries [...] to detect and manage
Al-generated content showing their faces on YouTube.” (YouTube’s
Official Blog).
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Additionally, three platforms (DeviantArt, TikTok, YouTube)
explicitly mention the role of users to help identify and report
inappropriate Al-generated content, with one emphasizing that
the reporting process mirrors that for any other policy-violating
user-generated content: “As with any deviation, if you come across
inappropriate Al-generated content, please use the Report option in
the .. menu.” (Deviantart’s Official Blog).

5.1.3 Consequences of Violations on Existing Policies. When users
post Al-generated content that violates community guidelines, so-
cial media enforcement actions are typically the same as for general
content moderation enforcement [84, 89]. These consequences for
Al-generated content, highlighted by 11 platforms, include hard
moderation, like removing the offending content or restricting the
account that posted it, and soft moderation, such as flagging con-
tent that intends to mislead people. Similar to how Al-generated
content is framed as a form of user-generated content subject to ex-
isting policies, we found that four platforms (Facebook, Instagram,
Threads, TikTok) emphasize that their enforcement against inap-
propriate Al-generated content and its creator is the same as for
any rule-violating content. As exemplified below, “We take action
on any content that violates our Community Guidelines, regardless
of whether it was altered with AL This includes our policies around
impersonation, misinformation, and hate speech.” (TikTok’s Support
Center article).

With regard to user appeal and redress mechanisms for Al-
generated content that has been moderated, platforms in our dataset
also generally offer the same processes as those used for general
policy violations. However, we only observed two platforms (Red-
dit, Twitter/X) describing appeal and redress approaches when
talking about the moderation of Al-generated content, with nei-
ther platform explicitly explaining the handling of Al-generated
content. This lack of information on user appeals and redress for
Al-generated content being moderated is unsurprising, given the
limited coverage of appeal and redress mechanisms in content mod-
eration policies in general [84].

5.1.4 Takeaways. Many platforms emphasize Al-generated con-
tent as a subset of user-generated content, subject to existing user
rules, detection methods, and enforcement mechanisms. This ap-
proach positions Al-generated content not as a fundamentally new
governance objective, but as an emerging focus of the existing con-
tent moderation pipeline. At the policy level, this framing locates
accountability in the actions of users who create and distribute
Al-generated content, rather than in the Al systems themselves or
the Al generation process.

5.2 Disclosing and Labeling AI-Generated
Content

In our dataset, 18 social media platforms adopt governance princi-
ples on disclosing and labeling of Al-generated content. This gover-
nance approach responds to the growing use of generative Al tools
for content creation, aiming to safeguard content authenticity—even
where creators have no malicious intent—and clarifying distinc-
tions in authorship between human-made and Al-generated con-
tent. Specifically, platforms require or encourage users to disclose
Al-generated content they post, enforce these rules by identifying
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if the content is Al-made or not, and adopt looser enforcement for
violations of disclosure rules compared to rules on content violating
existing policies. Even where disclosing Al-generated content is not
required, platforms also state that they may enforce measures such
as auto-labeling this content. Notably, four platforms (LinkedIn,
Pinterest, Twitter/X, XHamster) impose no user disclosure rule,
yet still describe their detection and auto-labeling practices on
Al-generated content. Below, we describe user rules on disclos-
ing Al-generated content, detection of Al-generated content, and
governance consequences related to labeling Al-generated content.

5.2.1 User Rules on Disclosing Al-Generated Content. We found
14 platforms in our dataset that have established rules around dis-
closing Al involvement when users post and share content. Most
platforms claim that these disclosure rules are intended to further
promote content authenticity, transparency, and trust within their
communities. As stated in Instagram’s Help Center: “Labeling your
Al-generated or AI-modified content on Instagram helps establish
transparency and trust. In some cases it’s required.” (Instagram’s
Help Center article). We found two platforms (OnlyFans, Pixabay)
that require any Al-generated content to be disclosed without ex-
ception. The following rule exemplifies this: “AI Generated content
must comply with our Terms of Service and must be clearly and con-
spicuously captioned as Al Generated Content with a signifier such
as #ai, or #AlGenerated.” (OnlyFans’ Terms of Service).

For other platforms, however, the disclosure of Al-generated
content is conditional or not mandatory. In six platforms (Facebook,
Instagram, YouTube, Threads, Vimeo, TikTok), the emphasis on
disclosure is driven by the increasing capability of generative Al
models to create realistic media that may mislead users. As such,
these platforms typically require disclosure of Al-generated con-
tent that appears to be realistic, while excluding content that is
unrealistic or that has minor edits with AI from the requirements.
As described below, “TWe require] creators to disclose to viewers when
realistic content — content a viewer could easily mistake for a real
person, place, scene, or event — is made with altered or synthetic me-
dia, including generative Al We’re not requiring creators to disclose
content that is clearly unrealistic, animated, includes special effects, or
has used generative Al for production assistance.” (YouTube’s Official
Blog). This obligatory disclosure is emphasized when the content
covers sensitive topics: “We’re also updating this policy to require
that political ads containing Al-generated content be clearly labeled
as such.” (Reddit’s Official Blog). Moreover, since concerns around
realistic Al-generated content primarily relate to image, audio, or
video, platforms often state that these disclosure requirements here
are typically applied to multi-modal content, or do not specify the
medium of Al-generated content that has to be disclosed in their
policies.

Whereas disclosing realistic Al media seeks to protect content
authenticity, three creativity platforms (DeviantArt, Medium, Pixiv)
establish disclosure requirements focusing on content authorship.
They aim to separate machine-made content from human creations,
enabling users to recognize the different origins of creative works
and protect human creators’ rights. As such, these platforms require
disclosure where Al is significantly involved in the creative process,
extending across various content formats. As exemplified in the
disclosure requirements: “The Service defines ‘Al-generated’ work
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as work in which all or most of the production process is carried
out by Al (artificial intelligence). All Al-generated work posted to
the Service must be labeled as such. [...] For example, work created
by combining specific prompts and posted with little to no editing,
regardless of format (e.g., text, images).” (Pixiv’s Help Center article).
The criteria for disclosing Al-generated content here depend on
each platform’s subjective definition of significant Al involvement,
resulting in variation across platforms’ standards. For example,
Deviantart states that the disclosure of Al-generated content is
not needed “if the main focus of the image is self-created and it
only includes a small, insignificant Al-generated component”; while
Medium requires the disclosure of any Al-generated text and image,
with only the exception of “the use of Al-assistance such as grammar
or spell checkers, outline assistance, or fact verification”.

Additionally, we found two platforms (Behance, Flickr) solely
‘encourage” or “recommend” users to disclose any content created
with Al rather than establishing clear disclosure boundaries or
enforcing strict disclosure requirements.

5.2.2 Distinguishing Al-Generated Content. The enforcement of
the user disclosure rule, as well as other governance actions around
labeling Al-generated content, largely relies on the ability to dis-
tinguish Al-generated content from other content. 13 social media
platforms with rules on disclosing and labeling Al-generated con-
tent also describe their development and adoption of techniques to
identify such content on their own.

Mostly, platforms adopt automatic techniques to distinguish Al-
generated content, or make claims about their efforts in developing
such mechanisms. For example, “Our long-term goal is to develop
automated labeling systems that can reliably detect Al-generated
content, further enhancing transparency and reducing the burden on
creators.” (Vimeo’s Official Blog). We identified two types of detec-
tion in platforms providing technical details. The first approach,
mentioned by nine platforms (Behance, DeviantArt, Facebook, In-
stagram, LinkedIn, Pinterest, Threads, TikTok, YouTube), relies on
finding digital signatures attached to the multi-modal Al-generated
content during its production, such as watermarks in metadata and
content credentials. These digital signatures are often attached by
mainstream generative Al services, not only revealing whether the
content is Al-generated but also providing additional information
about its origin and production. As elaborated by Meta’s statement
on how the detection of invisible signals works: “We’re building
industry-leading tools that can identify invisible markers at scale
— specifically, the ‘Al generated’ information in the C2PA and IPTC
technical standards — so we can label images from Google, OpenAL Mi-
crosoft, Adobe, Midjourney, and Shutterstock as they implement their
plans for adding metadata to images created by their tools.” (Meta’s
Newsroom article applies to Facebook, Instagram, and Threads).

The second approach is algorithmic detection through newly
developed classifiers and the existing moderation systems, as de-
scribed by five platforms (Facebook, Instagram, Medium, Pinterest,
Threads). Platforms describe algorithmic detection as a supplement
to identifying content resource signals to detect Al-generated con-
tent: “We not only analyze an image’s metadata following the IPTC
Metadata Standard, but also developed classifiers that automatically
detect Gen Al content, even if the content doesn’t have obvious mark-
ers.” (Pinterest’s Help Center article).
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In contrast to many platforms that describe technical details of
automatic detection, only Medium explicitly notes the incorpora-
tion of human reviewers to help distinguish Al-generated content:
“We use a wide variety of tools and technologies to detect and identify
Al-writing and other A content, combined with human review of any
positive results.” (Medium’s Al Content Policy). Meanwhile, Tik-
Tok is the only platform that mentions the role of users reporting
on undisclosed Al-generated content, but presents an underdevel-
oped report mechanism. Specifically, this platform instructs users
to report Al-generated content that violates disclosure rules under
“Deepfakes, synthetic media, and manipulated media”, which is the
same category for reporting general misinformation and harmful
deepfakes.

5.2.3 Consequences Related to Labeling Al-Generated Content. We
found that social media platforms enforce the disclosure of Al-
generated content by auto-labeling it, with support from detection
techniques. For Al-generated content and users that violate disclo-
sure rules, only a few platforms take measures beyond auto-labeling.
This represents looser enforcement compared to the stricter con-
tent moderation applied to inappropriate Al-generated content as
defined by existing content moderation rules.

In our dataset, 13 platforms state that they auto-label content
that is Al-made where users fail to comply with disclosure rules, or
even where user disclosure is not required. For example, “Meta does
not require you to label images that have been created or altered with
AL Images will still receive a label if Meta’s systems detect they were
Al-generated.” (Facebook and Instagram’s Help Center article). How-
ever, we found that such auto-labeling processes typically offer no
opportunity for users to appeal or provide feedback. We only found
two platforms (Pinterest, Vimeo) that provide appeal mechanisms
for human-made content that is mislabeled as Al-generated. As rep-
resented below: “However, we know these systems aren’t perfect. This
is why we set up an appeals system for creators and users who believe
that their content may be mislabeled.” (Pinterest’s Newsroom article).
Additionally, three platforms (TikTok, Vimeo, YouTube) specifically
emphasize that users have no ability to remove or override Al labels
manually, with only one of them providing appeal mechanisms. For
example, “Once your content is labeled as Al-generated with an auto
label, you won’t be able to remove the label from your post.” (TikTok’s
Support Center article).

When users violate disclosure rules, many platforms do not
impose additional penalties beyond auto-labeling, except for five
platforms (Facebook, Instagram, Vimeo, Threads, YouTube) that
express a strike policy to penalize repeated non-disclosures of Al-
generated content: “Creators who consistently choose not to disclose
this information may be subject to penalties from Vimeo, including
removal of content or account termination.” (Vimeo’s Help Center
article). We also found two platforms (Vimeo, YouTube) emphasize
prioritizing enforcement against Al-generated content that violates
existing policies, even when such content complies with disclosure
rules: “However, labeling alone may not be enough to mitigate the risk
of harm. Some synthetic media, regardless of labeling, will be removed
if it violates our Community Guidelines.” (YouTube’s Official Blog).

5.2.4 Takeaways. Platforms establish user rules on disclosing Al-
generated content with varying standards, while also detecting
and labeling any Al-generated content by themselves whenever
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possible. This governance approach treats Al-generated content
as acceptable (as long as it does not violate any existing rules)
while requiring additional safeguards on content transparency and
authenticity. By enforcing conditional user-side disclosures and ap-
plying unconditional platform-side auto-labeling for Al-generated
content, platforms position transparency around this content as a
shared but asymmetrically enforced governance responsibility.

5.3 Restricting Posting and Sharing
Al-Generated Content

Whether or not explicitly stated, most platforms permit users to
post Al-generated content as long as it complies with existing
policies. Five platforms (Medium, Pixabay, SoundCloud, StackOver-
flow, Yelp), however, impose additional restrictions tailored to AI-
generated content extending beyond existing policies. Compared to
moderation under existing policies or disclosure and labeling, such
tailored restrictions are far less common and are mostly found on
non-mainstream social media services focused on creative writing,
art, and knowledge-sharing. This type of governance often seeks
to address contentious issues rather than risks, such as ownership
and user-perceived quality and value of Al-generated content. We
found that platforms establish a spectrum of restrictions from re-
quiring valid licenses for posting to completely prohibiting any
Al-generated content. Platforms report a similar pattern of general
moderation methods to enforce these rules and treat violations
similarly to any inappropriate content that needs to be moderated,
though details on detection and enforcement are often limited.

Below, we present user rules on tailored restrictions for Al-
generated content, detection and mitigation of such violations, and
consequences of violations.

5.3.1 User Rules on Post Restrictions. We found two platforms (Pix-
abay, SoundCloud) highlight the user’s responsibility for ensuring
they have the legal right to post and use any Al-generated con-
tent: “You may upload Content you have created with generative
Al technology [...] You are responsible for ensuring that the terms of
the generative Al technology you have used permit you to grant the
license and give the warranties outlined [above].” (Pixabay’s Terms
of Service).

Moreover, we noticed more stringent, site-wide constraints on
posting Al-generated content. We found two platforms (StackOver-
flow, Yelp) that prohibit posting any Al-generated content site-wide.
To be specific, StackOverflow applies its ban of Al-generated and
Al-assisted content to “all content on Stack Overflow, except each
user’s profile content (e.g., your "About me" text).” Yelp, likewise, pro-
hibits “use [of] chatbots or other Al tools to create reviews, including
using such tools to draft or revise.” Additionally, Medium, while not
banning users from posting Al-generated content on the platform,
excludes all fully Al-generated articles from algorithmic promo-
tion and broader distribution. These site-wide restrictions are often
grounded in the platform’s values and positioning, whereby any
Al-generated content is deemed irrelevant, of low value, or even
potentially harmful to the users and community. For instance, Stack-
Overflow cites low user demand as a key reason for prohibiting
Al-generated content, alongside concerns about potential risks like
hallucination: “Users who ask questions on Stack Overflow may have
already sought answers elsewhere. Due to the ease of using generative
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artificial intelligence services, if a user wanted an answer from an
artificial intelligence, they may already have sought one, and so it
does not make sense to provide one here.” (StackOverflow’s Help
Center article).

5.3.2 Detection and Enforcement. Three platforms (Medium, Sound-
Cloud, Yelp) describe their detection techniques on restrictive Al-
specific rule violations, generally using a combination of automated
methods and human review, similar to detecting any content that
needs moderation [84, 89]. We only found one platform, Stack-
Overflow, where user-posted Al-generated content is prohibited
site-wide, instructs users to report suspected Al-generated content
to the moderator team under the category of plagiarism. Meanwhile,
Medium claims there is no need for user reports when encountering
Al-generated content violating restrictive rules: “If you see recom-
mended Al-generated content in your feed or Daily Digest from an
author or publication you don’t follow, use the “Show less” tool in the
3-dot menu to remove the story and retrain the algorithm. You do not
need to report it to us.” (Medium’s Al Content Policy).

Similarly, the enforcement of Al-specific rule violations is simi-
lar to that of general content moderation. As explicitly mentioned
by three platforms (Medium, StackOverflow, Yelp), common en-
forcement measures for Al-generated content violating Al-specific
restrictions include content removal, shadowbanning (decreasing
the prominence of this content), and account suspension. As exem-
plified below, “Use of chatbots or other Al tools to create reviews [...]
are subject to removal and repeated violations may result in account
closure.” (Yelp’s Support Center article).

Specifically, on Medium and Yelp—where conditional or com-
plete prohibitions apply site-wide—we observed that enforcement
relies more on downranking Al-generated content in recommenda-
tions than on comprehensive detection and removal. We interpret
this shift from detection to mitigation as a pragmatic response,
since detecting Al-generated content, particularly text, remains un-
reliable and may lead to unjust enforcement [6]. For example, “Our
system has several strategies for minimizing the distribution of Al-
generated content: some based on machine-learning, and others based
on human curation, content flagging, and moderation.” (Medium’s
Official Blog).

5.3.3 Takeaways. A small number of platforms impose Al-specific
restrictions, often grounded in concerns about content and com-
munity values. This approach considers Al-generated content as
misaligned with platform norms, particularly in communities em-
phasizing originality, expertise, or human insights. Rather than
centering Al-generated content governance on harm prevention,
this approach highlights preserving platform identity and human
creator rights as the key governance goal.

5.4 Constraining Monetization of AI-Generated
Content

In our dataset, we found six platforms (DeviantArt, Medium, Pa-
treon, Pixiv, Reddit, SoundCloud)—mostly creativity communities—
that constrain the monetization of Al-generated content. The gov-
ernance of monetization often addresses concerns about the quality,
originality, authorship, and ownership, which are ambiguous with
Al creations but critical when determining eligibility for commercial
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use. We identified varied constraints on monetizing Al-generated
content, with many extending from rules in other governance ac-
tions. Similar to Al-specific rules, we found that the detection mech-
anism, platform enforcement, and user appeals targeting the viola-
tion of monetization rules are seldom mentioned and sometimes
not well-developed.

Next, we present user rules on monetizing Al-generated con-
tent, detection methods for unqualified Al-generated content for
monetization, and consequences of violations.

5.4.1 User Rules on Monetization Constraints. Our analysis reveals
a variety of platform-imposed constraints on the monetization of
Al-generated content. Some platforms extend their rules around
the prohibition, restriction, and disclosure of Al-generated con-
tent to monetization, with much focusing on content ownership
and authorship. For example, DeviantArt extends their disclosure
requirement of content authorship, requiring any Al-generated
content to be sold be labeled as such: “Where your Content is offered
for sale on DeviantArt (including Commissions, Premium Downloads,
Premium Galleries, Subscriptions, and Exclusives) and was created
using Generative Al Programs or Al Tools, you must clearly tag or
label your Content using as ‘Created using Al tools”” (DeviantArt’s
Terms of Service). SoundCloud, on the other hand, extends its Al-
specific content rule of license requirements to monetization: “You
can only distribute or monetize content to which you own the rights
or have proper licensing. [...] At this time, we’re only able to approve
content created with our Al integration partners for distribution or
monetization.” (Soundcloud’s Help Center article).

Three platforms (Medium, Pixiv, Reddit) explicitly prohibit mon-
etization of any Al-generated content, citing reasons such as Al-
generated content being considered low quality and having no
originality. For instance, “Medium is for human storytelling, not
Al-generated writing. [...] Al-generated writing (disclosed as such or
not) is not allowed to be paywalled as part of our Partner Program.”
(Medium’s AI Content Policy).

5.4.2 Detection and Consequences of Violations. We found only
two platforms (Medium, SoundCloud) explicitly mention their de-
tection of Al-generated content that violates monetization con-
straints, where their detection mechanism is tailored to platform-
specific constraints. Moreover, only Medium establishes a user
report mechanism for Al-specific monetization rule violations: “If
you see Al-content behind the paywall, please submit a request with
a link to the story using this form .” (Medium’s AI Content Policy).

As explicitly mentioned by three platforms (DeviantArt, Medium,
Reddit), common enforcement measures for Al-generated content
violating monetization rules also include content-facing and user-
facing enforcement, such as content removal and account restric-
tions. Specifically, users may have their sales refunded or have their
monetization eligibility revoked: “Deviants found selling artwork
that is partially or fully Al-generated without applying the ‘Created
using Al tools’ label may have their sales refunded or face disciplinary
action.” (DeviantArt’s Support Center article).

We highlight that we did not find any platforms offering appeal
mechanisms for Al-generated content monetization rule violations.
Medium, however, explicitly states that enforcement of monetiza-
tion restrictions on Al-generated content is not subject to appeal:
“Paywalling Al-generated content in violation of our Al content policy.
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Revocation from the Partner Program is final and there are no appeals.”
(Medium’s Help Center article).

5.4.3 Takeaways. A few platforms restrict or prohibit monetization
of Al-generated content, citing concerns around quality, originality,
and ownership. This approach positions Al-generated content as
economically contentious, even when its use is otherwise permitted.
In doing so, these platforms differentiate between participation and
compensation, allowing users to share Al-generated content while
limiting its eligibility for revenue.

5.5 Controlling Output Generation and
Distribution from Integrated AI Tools

Our analysis shows that 14 social media platforms describe their
governance actions on the output generation and distribution from
their integrated Al tools. Prior work by Gao et al. [29] examined
content moderation policies in generative Al products and found
they typically cover a wide range of prohibitions on user input
and Al output; detection methods on harmful input and output
through automatic methods and human review; model training
enhancements to refuse harmful input and reduce harmful output;
and actions on both content and users who violate policies. We
observed that all 14 platforms state governance actions over output
generations from their integrated Al tools, focusing on tool safety
and closely resembling the approaches of independent generative
Al products.

However, social media platforms provide additional information
on governing their integrated tools’ output distribution, especially
posting and sharing output within their community. Below, we
present our findings on user rules and platform enforcement on the
safety and responsibility of output distribution from social media
platforms’ integrated Al tools.

5.5.1 User Rules on Sharing Output Within the Community. Genera-
tive Al products typically include policies that not only restrict user
inputs and system outputs, but also limit the distribution and use
of outputs after they are generated. As shown in prior work [29],
restrictions on output use may include prohibiting a broad range
of generated content usage from training competitive ATl models to
deceiving others into believing the content is human-made.

In social media platforms, such rules extend to how users should
publish the output into their community, as established by ten
platforms (DeviantArt, Facebook, Instagram, LinkedIn, Pinterest,
SoundCloud, TikTok, Vimeo, Threads, YouTube). For example, “If
you use or publish any Output, you are solely responsible for evaluat-
ing the Output and determining its accuracy, suitability, completeness,
and the appropriateness of using or publishing the Output on Pinter-
est.” (Pinterest’s Generative Al Business Terms of Service). As in
the example above, users are usually instructed to double-check if
the output is acceptable to share with the community, or in other
words, the use of output from integrated Al tools should “adhere
to the Community Guidelines” in the same manner as for all other
user-generated content. We also found extra rules beyond solely
ensuring that Al-generated output is appropriate. For example, De-
viantart has a disclosure requirement for art generated from its
integrated Al tool and published to the platform: “If you refer to
an artist in a DreamUp prompt, you must also tag that artist when
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submitting the resulting image to DeviantArt.” (Deviantart’s Support
Center article).

5.5.2  Governance Enforcement on Output Distribution. To ensure
the responsible use of outputs from integrated Al tools within their
community, platforms also implement measures that extend beyond
regulating users. The most common of these governance actions is
auto-labeling such outputs when they are shared in the community,
as described by nine platforms (DeviantArt, Facebook, Instagram,
Pinterest, SoundCloud, Threads, TikTok, Vimeo, YouTube). For in-
stance, “Content created by YouTube’s generative Al products and
features will be clearly labeled as altered or synthetic.” (YouTube’s
Official Blog). Five platforms (Facebook, Instagram, Threads, Tik-
Tok, YouTube) disclose that they watermark their integrated Al
tool output to enable auto-labeling within their own platform, but
also to facilitate detection and labeling beyond their platform, to
aid in the governance of Al content posted on other social media
platforms. As stated below, “In addition, AI Alive stories will have an
Al-generated label to bring transparency to how the content was cre-
ated, and have C2PA metadata embedded—a kind of technology that
helps others identify that it’s Al-generated, even if it’s downloaded
and shared off platform.” (TikTok’s Newsroom article).

Additionally, two platforms (LinkedIn, TikTok) claim an addi-
tional layer of content safety protection when users decide to share
the output to the community, alongside content safety measures
incorporated into the integrated Al tool. For example, “A final safety
check happens once a creator decides to post [the creation from Al
Alive] to their Story.” (TikTok’s Newsroom article).

5.5.3 Takeaways. Platforms govern their own integrated Al tools
by applying rules and safeguards to both output production and
distribution. This approach indicates that platforms consider them-
selves as co-producers of Al-generated content, necessitating both
the safety of tools and control over downstream use. Compared
to moderating user-generated content in general, this approach
reflects heightened platform responsibility and accountability for
Al tools, particularly when the tool output is seamlessly embedded
into existing content workflows.

5.6 Educating and Empowering Users When
Interacting with AI-Generated Content

In our dataset, 17 platforms provide users with tools and resources
to enhance user autonomy to distinguish and control Al-generated
content in their feeds, and enable creators’ critical literacy to re-
sponsibly make and share Al-generated content. We identified three
primary forms of helping users to interact with Al-generated con-
tent: labeling systems to support Al-generated content disclosure,
educational materials for both creators and users to improve their
critical engagement with Al-generated content, and personalized
recommendations and moderation to control the presence of Al-
generated content in user feeds, which we present below.

5.6.1 Al-Generated Content Labeling System and Label Design. In
our dataset, the disclosure requirements for Al-generated content
can be achieved through various methods, such as hashtags or
conspicuous claims in a user’s post on a platform. Many plat-
forms have also developed a dedicated labeling system to empower
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both creators and viewers around Al-generated content more ef-
fectively. This approach supports compliance with the disclosure
rules through an easier and more unified system, but also commu-
nicates more clearly to viewers when they encounter Al-generated
content. We found eight out of 14 platforms (DeviantArt, Facebook,
Instagram, Pixabay, Threads, TikTok, Vimeo, YouTube) with rules
on disclosing Al-generated content also provide labeling systems
for creators and design disclosure labels for viewers. For example,
“Creators can disclose content as Al-generated directly on the post by
adding text, a hashtag sticker, or context in the post’s description.
TikTok also offers labels to let viewers know when content was made
using AL Creator label: Creators apply this label to indicate that
their content was completely generated or significantly edited by AL”
(TikTok’s Support Center article).

Additionally, ten platforms (DeviantArt, Facebook, Instagram,
LinkedIn, Pinterest, Threads, TikTok, Twitter/X, Vimeo, YouTube)
describe their label designs for creator-labeling or auto-labeling
that content is Al-generated. The information conveyed through
these labels is diverse, ranging from short markers such as “Al Info”
(Meta platforms) or “Created using AI tools” (DeviantArt), to more
detailed descriptions that extend beyond simply indicating whether
content is Al-made. A label pattern with concrete information is
exemplified in the following statement: “LinkedIn members will start
seeing a new icon that helps members trace the origin of Al-created
media, including the source and history of the content, and whether
it was created or edited by AL” (LinkedIn’s Newsroom article). The
placement of labels, according to the platforms that disclose this
information, also varies—from being displayed directly on the con-
tent itself to appearing in the detailed information or metadata
of the media, which requires an additional click to access. Some
platforms adopt different label formats for Al-generated content
with a more sensitive nature for users: “For most videos, a label will
appear in the expanded description, but for videos that touch on more
sensitive topics — like health, news, elections, or finance — we’ll also
show a more prominent label on the video itself.” (YouTube’s Official
Blog).

5.6.2 Educational Materials on Critical Engagement with Al-Generated
Content. Besides the policy, guidelines, and other informal doc-
uments that indicate user rules and governance actions on Al-
generated content, a few platforms provide additional materials to
educate users on a more critical engagement with Al-generated
content. We found two platforms (Pixabay, Medium) that publish
creator guidelines to encourage the mindful and responsible use of
generative Al for content creation. Pixabay, for example, introduces
a separate Al quality guideline, alongside their general content
quality guidelines, for creators with the aim of “ensure[ing] that
the quality of Al-generated work meets high standards and is user-
friendly.” Notably, StackOverflow, where posting any Al-generated
content is strictly forbidden, designed a banner to remind users not
to publish Al-generated content: “We will be graduating this experi-
ment and adding functionality to enable the "Al-generated content”
policy banner on Stack Overflow. While the variant group had no sig-
nificant impact on answer rates, there was a reduction in posts flagged
for Al-generated content.” (StackOverflow’s Announcement).
Some platforms also produce materials targeting the critical
consumption of Al-generated content. We identified six platforms
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(Facebook, Instagram, Reddit, Threads, TikTok, Twitch) that have
separate documents for users on how to distinguish Al-generated
content and be aware of harmful Al-generated content, such as
Al-generated scams. Pornhub, in addition, warns users when they
proactively seek non-consensual deepfakes that can cause harm to
others: “If users search for terms relating to non-consensual [deep-
fake] material, they are reminded that such material may be illegal.”
(Pornhub’s Help Center article).

5.6.3 Personalized Recommendation and Moderation Tailoring for
Al-Generated Content. We identified four platforms (DeviantArt,
Medium, Pinterest, Pixiv), all of which are non-mainstream social
media platforms, that provide users with tools to adjust the level
of Al-generated content in their feeds. Typically, social media plat-
forms enable users to adjust their recommendation feeds [56] and
to set up personalized moderation filters [45] that control the con-
tent they see. These platforms extend and tailor such mechanisms
to Al-generated content, thereby giving viewers more autonomy
in interacting with Al-generated content. For example, Pinterest
mentions their plans to integrate user controls on recommendation
feeds specifically on Al-generated content: “We will soon launch
an experiment allowing users to select a ‘see fewer’ option on Gen
Al Pins for certain categories prone to Al modification or generation,
such as beauty and art and will continue expanding into more areas.
[...] This will send a signal to our systems to recommend less of this
type of content.” (Pinterest’s Newsroom article). Pixiv, on the other
hand, employs a content filter for users to remove any Al-generated
content from their feed: “You can choose whether or not to show Al-
generated work in your search results. There are three options for
filtering Al-generated work: Display’, ‘Hide"” (Pixiv’s Help Center
article).

5.6.4 Takeaways. Platforms provide labeling systems, educational
resources, and feed controls around Al-generated content to sup-
port user awareness and autonomy. Rather than solely relying on
enforcement over users and content, these measures position user
control and literacy as complementary governance tools for Al-
generated content. Notably, the uneven availability of different
tools and resources also highlights disparities in how much respon-
sibility platforms delegate to users around Al-generated content.

6 Discussion and Future Work

From our case study of Al-generated content governance on so-
cial media platforms, we find that many platforms apply existing
content moderation strategies to Al-generated content, including
moderating output from integrated Al tools (Section 5.1, Section
5.5). However, some platforms have introduced new strategies, such
as disclosure and labeling requirements and user-focused tools and
educational materials (Sections 5.2—5.6). Overall, platforms tend
to structure their Al governance policies similarly to their general
content moderation policies, covering rule definitions, detection,
and enforcement.

Our findings also reveal significant gaps in current governance
practices of online platforms like social media. Below, we outline
recommendations and future directions for stakeholders seeking to
improve the governance of Al-generated content.
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6.1 Recommendations for Platforms

Our findings reveal unresolved questions around disclosure stan-
dards, detection reliability, and quality assessment. We also found
a lack of structured policy documents and user resources. Below,
we detail these gaps and offer design suggestions for platforms. We
note that even on platforms that partly outsource content authen-
ticity assessment to users, such as Twitter/X which heavily relies
on Community Notes for user-driven fact-checking [79], platforms
are still responsible for managing and governing the infrastruc-
tural conditions under which Al-generated content is surfaced. Our
recommendations, therefore, target these enduring responsibilities.

6.1.1  Reconsider Disclosure Patterns for Al-Generated Content. Many
social media platforms have established disclosure rules for Al-
generated content, but their approaches vary widely: some impose
no requirements, others mandate disclosure of all Al-generated con-
tent, and still others require disclosure only for realistic media or to
denote authorship (Section 5.2). Label designs and placements also
differ across platforms (Section 5.6). Researchers have investigated
user perspectives on which Al content should be labeled, how to
design labels, and how labels affect users [10, 20, 28, 48, 100]. Yet
these inconsistencies in practice reflect deeper unresolved questions
about disclosure standards. Moreover, as Al becomes increasingly
integrated into content creation, creators’ use of Al spans a spec-
trum rather than a binary distinction [3, 51]. Social media platforms
we studied, however, only impose disclosure on whether the con-
tent involves Al-generated components or not. In fact, only a few
online platforms have begun treating disclosure as non-binary. For
example, Spotify has introduced a multi-layer disclosure policy
covering vocals, instrumentals, and post-production, respectively,
to reflect Al use across the entire music creation workflow [92].
To improve disclosure practices for Al-generated content, we
suggest that online platforms carefully consider what types of Al-
generated content should be disclosed in what way. Specifically,
platforms should adopt strategies appropriate for the nature of their
platforms. For example, platforms hosting videos may require labels
for the visual frame and the audio track, respectively, when either is
Al-generated. On music streaming platforms, disclosure could vary
to indicate which parts of a song and related materials, such as lyrics,
samples, and album art, are Al-generated. For platforms centered
on creative works, we further recommend that Al disclosure labels
be designed more prominently than on other platforms, to provide
better transparency around content ownership and authorship.

6.1.2  Navigate Unreliable Detection of Al-Generated Content. De-
tecting Al-generated content remains a significant barrier to effec-
tive governance. Many social media platforms in our study rely pri-
marily on automated detection (Section 5.2), but algorithmic classi-
fiers are often unreliable, exhibiting low accuracy and bias [6]. Even
industry-standard provenance techniques, watermarking, and con-
tent credentials can be circumvented by bad actors [47] and do not
help detect content from unregulated open-source models. A recent
study found that platforms often fail to label Al-generated content
even when it carries industry-standard provenance, contradicting
their stated policies [42]. While platforms could increase human
review, this raises scalability concerns, and humans are not neces-
sarily reliable arbiters of Al-generated content either [6, 36, 70, 101].
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Given these detection limitations, we suggest that platforms
establish clear accountability mechanisms for any governance that
relies on detecting Al-generated content. Users should be informed
why and how their content was flagged as Al-generated and given
a channel to provide feedback. In particular, since our findings
show that appeal pipelines for automatic Al-generated content
labeling are currently rare, we recommend that platforms provide
mechanisms for such user appeal. Users should be able to contest
when their content is incorrectly labeled as Al-generated, similar
to existing appeals for content removals.

6.1.3 Extend Governance Actions to Quality, Ownership, and Au-
thorship. Our findings reveal a general lack of governance around
quality, ownership, and authorship of Al-generated content on so-
cial media. Only a few platforms focused on knowledge sharing and
content creation have Al-specific restrictions on ownership or the
value placed on Al-generated content (Section 5.3). Similarly, few
platforms restrict creators from monetizing Al-generated content
(Section 5.4). Growing public debates about “Al slop” (low-quality
Al-generated media) [35], Al-generated spam [17], and ownership
and credit for Al-generated content [39, 58, 72, 98] reflect an ur-
gent need for governance action. Content quality, ownership, and
authorship are also major concerns for creators, who increasingly
worry about their rights and creative identity [3, 31, 54, 87, 88].

Given the increasing use of Al in content creation and mixed
reactions from users and creators, we recommend that platforms ex-
plicitly address quality, ownership, and authorship of Al-generated
content. Doing so is essential for safeguarding community values
and protecting creator rights. Platforms that allow monetization
should evaluate creator eligibility to prevent profit from low-effort
Al-generated content. Specifically, platforms can take action by
developing clear and concrete guidelines for creators on using Al
to create high-quality content that aligns with community val-
ues. Since the quality, ownership, and authorship of Al-generated
content are difficult to define objectively, platforms could also incor-
porate user-driven mechanisms, such as community rating systems
or user-driven flagging, similar to community notes on Twitter/X
for crowdsourced fact-checking [79], to help surface low-value
Al-generated content.

6.1.4 Inform Users About Governance Actions Through Consistent,
Explicit Communication. About two-thirds of platforms in our study
explicitly reference their governance of Al-generated content, but
most simply describe how existing moderation policies apply rather
than establishing new Al-specific policies (Section 5.1). The remain-
ing platforms have no explicit references and rely implicitly on
existing policies. Although this reflects an evolving ecosystem, the
increasing risks of Al-generated content (e.g., deepfake political
figures [27, 62]) necessitate more direct communication with users
about governance, even when existing policies apply.

Even platforms that explicitly addressed Al governance had this
information scattered across different page types (Section 4). This
echoes prior observations that content moderation policies are often
dispersed, creating challenges for users and regulators alike [29, 84].
Unlike platforms with community guidelines pages consolidating
moderation information [46, 84], all platforms in our study except
four lacked a consolidated page summarizing Al-generated content
policies (Section 4).
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To address these gaps, we recommend that platforms make their
Al governance more explicit and accessible. Platforms should create
dedicated policy pages outlining governance rationale, rules, detec-
tion methods, and enforcement procedures. Similar to how content
moderation policies use concrete examples [84], platforms could
illustrate what counts as Al-generated content and what types are
allowed or restricted. Platforms should also create a meta-policy
page summarizing key governance actions with links to relevant
documents, similar to Medium’s dedicated AI Content Policy page.'
By consolidating AI governance information, platforms can reduce
ambiguity and help users understand how Al-generated content
fits into broader trust and safety expectations.

6.1.5 Develop More Educational Materials and Controls for Users.
Many social media platforms rely on labels to inform users that
content is Al-generated, but few offer educational materials to
help users recognize such content and its risks (Section 5.6). Au-
tomated detection and labeling systems remain inaccurate [6, 42],
and humans increasingly struggle to distinguish Al-generated con-
tent [6, 36, 70, 101]. As a result, labels alone may not prevent users
from being misled—and may even deepen confusion. Educational
resources are therefore essential for helping users proactively rec-
ognize Al-generated content and its risks, particularly when moder-
ation or labeling fails. This is especially important for populations
with limited digital literacy, such as older adults and children [55].
Platforms should incorporate Al-generated content into their media
literacy materials, with concrete examples of prevalence, risks, and
detection principles.

Similarly, few platforms provide features for users to control
Al-generated content in their feeds (Section 5.6). While many users
enjoy viewing and engaging with Al-generated content, others are
concerned about the diminishing value of human-made content and
degraded experience quality due to idea convergence in generative
Al [72]. Given these varied perspectives, platforms should offer
users autonomy over their exposure to Al-generated content to
prevent distraction and mental burden from unwillingness to view
it. Many platforms already allow feed customization through filters
and recommendation adjustments [45, 56], but these typically focus
on content topics rather than production methods. We recommend
that platforms implement similar feed controls tailored specifically
to Al-generated content—allowing users to choose whether to see
such content and, if so, to what degree they wish to be exposed to
it.

6.2 Recommendations for Regulators

As with content moderation [84], the governance of Al-generated
content is informed by regulations but dominated by platforms
themselves. Current regulations primarily focus on mitigating di-
rect harms, such as defining liability of Al service providers and
penalizing distributors of non-consensual deepfakes. Based on the
gaps we identified, we outline directions for future regulatory de-
velopment.

6.2.1 Update Existing Laws for Al-Generated Content. Platforms
rely heavily on existing laws to handle content violations such

2https://help.medium.com/hc/en-us/articles/22576852947223- Artificial-
Intelligence- Al-content-policy
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as copyright infringement and online scams. However, these laws
often fail to address Al-generated content due to outdated defini-
tions, leaving platforms without clear guidance. For example, few
social media platforms we studied have policies on ownership and
authorship of Al-generated content (Section 5.3), likely because
copyright law lacks clear definitions for how training data and
outputs should be treated [83]. This ambiguity also affects mone-
tization, as platforms struggle to determine who can profit from
Al-generated content without clear copyright boundaries. Conse-
quently, harms like mass production of low-quality AI spam for
monetization cannot be addressed through existing copyright or
deepfake laws alone.

We recommend that regulators update legal frameworks to ex-
plicitly address ownership, authorship, liability, and commercializa-
tion of Al-generated content. For example, Huang et al. proposed
defining copyright for Al-generated content by modeling the re-
lationship between output uncertainty and the degree of human
creative control over the generation process [41]. If adopted, such a
framework could quantify human creators’ contributions and guide
platform monetization policies.

6.2.2 Develop Standardized Guidelines for Al-Generated Content
Governance. In our study, we found governance of Al-generated
content varies substantially across platforms, both in policy struc-
ture and in specific mechanisms like disclosure systems and labels
for Al-generated content. Prior work has found that AI develop-
ers often lack full awareness of negative societal impacts, such
as non-consensual deepfakes and privacy violations. This limited
awareness, combined with business incentives, creates blind spots
in platform-driven governance and underscores the need for regu-
latory oversight [77].

At this early stage, regulators should develop official guidelines
and standardized frameworks for platforms. These could function
similarly to government guidance for enterprise digital security
controls [82] or the minimum obligations, transparency require-
ments, and user protections mandated by the EU Digital Services
Act [90]. Such guidelines should offer coherent requirements and
best practices, including mandating explicit Al policies, clarifying
provenance expectations, and specifying user protection require-
ments.

6.3 Future Work for HCI Researchers

Our study provides a baseline of current Al-generated content
governance on major social media platforms. We suggest several
directions for future HCI research.

6.3.1 Longitudinal Research on Governance Changes. Our findings
on the governance of Al-generated content on social media are
based on one-time snapshot at the time of collection. However,
as generative Al evolves rapidly, governance practices will likely
undergo continuous change. Future work could examine how plat-
form policies and enforcement shift over time. Longitudinal studies,
including repeated audits and time-series analyses, would help cap-
ture governance adaptation patterns and the impact of external
events such as product releases, regulatory updates, and public
incidents.
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6.3.2 Investigating and Improving Governance Mechanisms. Our
findings identify governance mechanisms needing further investi-
gation, including quality standards, disclosure labels, educational
materials, and user controls for filtering Al-generated content. Fu-
ture work could evaluate these mechanisms on real platforms—for
example, measuring disclosure practices, investigating user percep-
tions of quality and monetization, and testing educational interven-
tions. Researchers could also design novel governance tools, such
as disclosure systems or adaptive user controls.

6.3.3 In-depth Studies of Specific Platform Types. While our cross-
platform analysis identifies six governance approaches, further
research is needed to understand how these approaches manifest,
diverge, and fail within individual platforms. Such studies are nec-
essary to tailor governance to platform-specific needs—for instance,
distinguishing governance requirements between social networks
and music platforms. Researchers should engage diverse stakehold-
ers, including viewers, traditional creators, Al content creators,
and advertisers, to understand how each group perceives and is af-
fected by Al-generated content governance within specific platform
ecosystems.

7 Conclusion

As Al-generated content becomes increasingly prevalent on on-
line platforms, it is critical to understand how platforms govern
this content. This paper examines how 40 popular social media
platforms have adapted their policies to address new challenges
posed by Al-generated content. Our analysis reveals that two-thirds
of these platforms explicitly articulate governance approaches for
Al-generated content, spanning six distinct categories of action.
The most common strategies involve extending existing content
moderation frameworks to encompass inappropriate Al-generated
content, as well as articulating disclosure and labeling requirements.
Platforms primarily focused on creativity and knowledge-sharing
typically have more comprehensive policies, often addressing more
nuanced issues of quality, authorship, and ownership. Platforms
that have integrated Al tools tend to prioritize safety measures for
content generation and distribution. Finally, some platforms em-
power users through labeling mechanisms, educational resources
about Al-generated content risks, and personalized controls for
managing such content in their feeds. Our findings reveal signif-
icant variation in how platforms approach Al-generated content
governance, with many relying on existing policies rather than de-
veloping comprehensive Al-specific frameworks. We recommend
that platforms adopt more explicit, unified, and forward-looking
governance strategies that directly address the unique challenges
posed by Al-generated content.
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A Appendix
A.1 Final Codebook

Table 7: Final codebook (Part 1), showing sub-codes and their sub-codes under Parent Code AI-GENERATED CONTENT GOVER-
NANCE

Sub-Code

Description

GOVERNANCE RATIONALE Why platforms govern Al-generated content posted and shared by users

UsER RULES Rules on creating, posting, and sharing Al-generated content
Rule Rules on posting and sharing Al-generated content

Definition Definitions on different kinds of Al-generated content
Example Examples on the allowed or restricted Al-generated content
DETECTION METHODS How platforms identify Al-generated content and rule violations
Violation detection Platforms identify Al-generated content that violates rules

Al-generated content detection | Platforms detect if content is Al-generated

User report Platforms enable users to report on Al-generated content, including content that violates rules
GOVERNANCE CONSEQUENCES Enforcement on Al-generated content rules and user appeals

Enforcement on user Platforms punish users who post and share Al-generated content that violates rules
Enforcement on content Platforms moderate Al-generated content, including that violates rules

Appeal/redress Platforms enable (or do not enable) users to appeal the governance consequences applied to

their content or themselves

Table 8: Final codebook (Part 2), showing sub-codes and their sub-codes under Parent Code INTEGRATED Al TooL GOVERNANCE

Sub-Code ‘ Description

GOVERNANCE RATIONALE ‘ Why platforms govern integrated Al tools

UsER RULES Rules on creating, posting, and sharing Al-generated content

Al terms Separated terms of use for integrated Al tools

Tool use Rules on creating Al-generated content using integrated Al tools

Output distribution Rules on sharing output from platform’s integrated Al tools

DETECTION METHODS How platforms identify Al-generated content and rule violations

Tool use Platforms detect or prevent output generation that violate rules

Output distribution Platforms detect or prevent output distributions that violate rules

GOVERNANCE CONSEQUENCES Enforcement on Al-generated content rules and user appeals

Tool use Platforms deal with input, output, and users that violate rules when using integrated Al tools
Output distribution Platforms manage distributed output to ensure trust, safety, and rule compliance
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Table 9: Final codebook (Part 3), showing sub-codes under Parent Code USER EMPOWERMENT

Sub-Code ‘ Description

Al labels Labeling system and disclosure labels for Al-generated content

User controls Recommendation controls and personalized filters on Al-generated content

Educational materials Materials that educate users on how to critically post, share, and identify Al-generated content

A.2 Dataset Overview

Table 10: Presence of governance and features of Al-generated content, across the 40 social media platforms we studied.
“Integrated Al Tool” indicates a platform offers an integrated Al tool, “Platform AI-Generated Content” indicates that the
platform uses Al to generate content for the community, and “Governance” indicates that the platform has enacted governance
actions over Al-generated content.

Platform Features Governance
Integrated AI Tool  Platform AI-Generated Content

Behance v v
Bluesky

Dailymotion v
DeviantArt v v
Eporner

Erome

Facebook v v
Fandom v
Flickr

Goodreads

Imgur

Instagram 4

LinkedIn v v
LiveJournal

Medium v
OnlyFans

Patreon

Pinterest v/

Pixabay

Pixiv

Pornhub

Quora

Reddit
ResearchGate
Roblox
SoundCloud
StackOverflow
SteamCommunity
Substack

Threads

TikTok
TradingView
Tumblr

Twitch

Twitter/X

Vimeo

XHamster
XVideos

Yelp 4
YouTube v v

/: passage(s) about such topics exist in our dataset; X: passage(s) about such topics do not exist in our dataset.
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Table 11: Location of information around governance of Al-generated content, across 27 social media platforms stating such

information.
> &
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Legal/Policy v v v v v v v v v v v v v v v v v v v v v v v Vv v V/
Support/Help Center v v v v v v v v v v v v / v v v v v v v v / v /
News/Announcement v / v v / v v / v v v v v v v v Vv / v /

V: this type of page exists in our dataset, X: this type of page does not exist in our dataset.
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